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Abstract

RLGA, an akorihm which mplen ents mechanisn of renforcement learning under the framevoik of ge
netic algorithm is described by usihg gene space dvision the akorihm m aps the gene space of genetic akorithm nto he
strategy spcaces ofmultragent The convergence theorens for the algorithm are presented and the tme and the space effr
cency of the algorithm aswell as the relation beween then and the dwision granularity are d scussed The expermen tal

results show that RIGA haswell gbbal convergence perfomancg and the farther experinents prov ide he guide range of
the sze of gene space dvsbn n RIGA.
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