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Mining Protein Complexes Based on Topology Potential Weight
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Abstract: At present, many researchers focus on identifying protein complexes in the dynamic protein-protein interac-
tion (PPI) network. But most of the methods have been used in unweighted network, the accuracy is not high since they
could not accurately describe the network topology characteristics. In this paper, we put forward the topology potential to
construct the weighted network. A protein can be regarded as a physical particle in the network which has a virtual field a-
round it,and the interaction of all proteins forms a topology potential field. By computing the value of topology potential be-
tween nodes , the weighted network is constructed ,and Markov clustering algorithm is used to identify protein complexes. The

experimental results compared with the classic algorithms on DIP data and Krogan data indicate that their precision and f-

measure value are higher and the proposed algorithm is more suitable to identify the protein complexes.
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