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Abstract: In many practical applications of evolutionary optimization, the fitness evaluation is subject to noise. In this
paper, the effect of normal random noise on fitness evaluation is studied,and the performance of different fitness evaluation
methods is compared and analyzed. A dynamic fitness evaluation method is proposed. In the process of population regenera-
tion, the method evaluates all surviving individuals again,reduces the survival period of the pseudo-superior individuals ( the
inferior individuals) ,and restrains the interference with noise on the survival of the fittest. Experimental results show that the
proposed method has better performance than the method of one evaluate and one sampling or one evaluate and multiple
sampling at the same total number of sampling.
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