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Abstract:

For the motif discovery problem of biological sequences, a mixture Gibbs sampling algarithm is presented. Based

o mixture motifs model leaming through likelihood maximization, a greedy strategy that adds squentially new matif to a mixture

model is employed. Two sampling methods are designed, site sampling and motif sampling, the two sampling methods are applied by
tums. In order to speed up the searching procedure, a hierarchical partitioning scheme based on k@trees is used for partitioning the

input dataset. Experimental results indicate that the proposed algorithm is advantageous in identifying larger groups of motifs charac2

teristic of biological families. In addition, it offers better diagnostic capabilities by building more powerful statistical motif models

with improved classification accuracy.
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Procedure MSAM
Begin
G is the maimum number of motifs, g is the current number of motifs,

C_ Set is the symbol that the candidate set for mitialiang new model p2
rameters 5 not null.
Initialization .
11Candidate selection for intializing new model parameters,
as described n section 3. 1.
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31C. Set=1;
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