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Abstract:  As a new sparse signal representation algorithm, SBL ( gparse Bayesian learning) method hasno sructural emror as

BP and has much fewer local minima than FOCUSS. ISAR imaging problem can be transformed into a sparse signal representation
problem, therefore in the paper SBL is firg applied in ISAR imaging. Imaging results of real data show SBL is a more effective IS

AR imaging al gorithm than BP and FOCUSS.
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