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A Nove ICA Algorithm for Face Recognition Based on
Wavelet Decomposdtion and Robust Estimation
AN Goo-yun ,RUAN Qiu-qi
(Indtitute of Information Science, Bejing Jiaotong University , Bejing 100044, China)
Abdtract: In the robust principal component analysis(RPCA) model ,the statistical properties of every variable are neglected

when scae parameters are chosen for them. In order to overcome this drawback ,a generalized robust principal component analysis

(GRPCA) model was proposed in this paper ,a M-estimator was adopted to estimate robust scale parameters for every variable ac-

cording to their statistical properties. Then,a new independent component anaysis agorithm for face recognition based on wavelet

decompasition and robust estimation (WR-1CA) was proposed. WR-ICA is robust to many types of outliers (incomplete face im-

age,making up ,occlusion ,etc) . The vaidity of WR-ICA is confirmed by theory andysis and experimental data,with Cos distance

as similarity measurement ,the average recognition rate of WR-1CA is 99. 44 %.
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