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A Constraint Satisfaction Neural Network
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Abstract:  Although the operating of a general artificial neural network (NN) can eliminate the superior contradiction, its solu-
tion still contains the inferior contradiction'® ~ ! which is unacceptable for actual problems such as the constraint satisfaction problems
(CSPs) that contain contradictions . For this reason, a constraint satisfaction neural network (CSNN) based on the logical analytic theo-
ry of NNs is presented, which is composed of a general neural network named a besic network and a control system which has the
adaptability to cope with complex problems. The former provides the necessary constraints and the latter gives the closed-open control
for the constraints inside the basic network. Since contradictions in many natural problems are often inevitable, the property of the

CSNN is of great significance for intelligent problems.
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