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Research on Mult- Agent Dynamic Task Allocation Algorithm and
Based on Dynamic Fuzzy Set

ZHANG Yu, LI Farr zhang

(School f Computer Sdence and Technology, Soochow University , Suwzhow, Jiangsu 215006, China )
Abstract:  Task allocation problem isone of the mport ressarches of multt agent system. For the complex problem, many re-
searchers from different points of view put forward a variety of effective algorithms. These algorithms are effective for the determr
native environment, but for the uncertain and dynamic environment are deficient. In this paper, fuzzy characteristics of dynamic task
environment are researched, using dynamic fuzzy set theory, given the relevant multr Agent dynamic task allocation algorithm. Ex-
amples of the tes show that the algorithm model can be a reasonable simulation of MAS system operation task allocation pro cess,
and have achieved the optimal task allocation strategy and a good effect.
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