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Multiobjective Optin ization for M ultifocus Im age Fusion Using MOP SO

NU Y rfeng SHEN L n-cheng
(College M echatronic E ngineering and Autanation, National University of D eense Technology, Chang ha, Hunan 410073 China )

Abstract In most ofmultifocus mage fusbnm ethods the paraneter configuraton of fusonmodel & usually based
on experience In ths paper a nev multbb pctive optin izatbn method ofmultifocus mage fuson based on M OPO ( In-
proved M ultbb jective Particle Swam Optin izatbn) is presented which can simplify the model ofmultifocus image fusbn
and overcome the lin itations of trad itional methods F irst the proper evaluation indices ofmultifocus mage fisbn are giv-
en then the unibm model of multifocus mage fusion m DWT (D screte W avelet T ransfom ) danamn is constructed n
whih he model paran ete1s are sekcted as the decision variables and fnally MOP30) & designed b optin e the decisbn
varbbks MOPSO notonly uses a mutation opemator to avo il earlier convergence but also uses a crowding operator to -
prove the distrbutbn of nondan inated solutons abng the Pareto front and uses a nev adaptive nertaweight b rase the
optin ization capacities Experin ent results demonstrate hat MOPSO has a higher convegence speed and better search ca
pacities and that them ethod of multifocus i age fis bn based on MOPSO achieves the Parto optin al m age fus bn

Keywords multibcus mage fuson multidb jective optim zatiogy m proved multob jective partick svam op tin iz
ton( MOP)); dicretew avekt ransfom ( DWT)
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Image A 0 61. 2058 9 3705 6 6874 29. 9084 0. 991472 - -
Image B 0 56. 8732 2 8403 6 5284 21. 7194 0. 942869 - -
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