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A Multiscale Associated Fitter Combining Temporal Domain with
Frequency Domain for Dynamic System

WEN Cheng lin'*?, WEN Chuarr bo’, Chen Zhi-guo’
(1 Institute of Irformation and Control, Hangzhou Dianzi University , Hangzhow, Zhgiang 310018, China ;
2 School f Computer and Information Engineering, Henan University , Kajfeng , Henan 475001, China)

Abstract:  According to these shortcomings exited in mulitscale associaled estimation methods, a new multiscale estimator is
proposed by combining wavelet tranform and Kalman filtering, in which a new technology of sysemic and multiscale transform are
employed. The state equation and measure equation described only in temporal domain are rewritten down data block equations;
these data block equations are characterized by use of multiscale technology in both temporal and frequency domains; the new asso-
ciated filter is established via using Kalman filter and sequential filter. The new filter not only holds the good characters, such as the
real time and recursive, but also possesses the multiscale analysis capabiliy. Computer simulations show that the egimate accuracy of
new algorithm is comparable with or little better than that of traditional Kalman filter.
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