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Urban Intelligent Traffic Control System Based on Muliti-agent Technology

OU Hai-teo ,ZHANG Wei-dong ,ZHAN G Wen-yuan ,XU Xiao-ming
( Department o automation , Shanghai JiaoTong University , Shanghai 200030, China)

Abdtract :  This research addressed an urban trdfic intelligent control sysem ,which adopts a multi- agents coordination in urban
tredfic control to coordinate the sgnd of adiacent intersectionsfor diminating the congedion of trdfic network. An agent represents a
dgnd intersection control ,and multi-agents realize coordination of multiple intersections to eiminate congegtion. Based on Recursve
Modding Method and Bayesan learning that enables an agent to select his rationd action by examining with other agents by nodeing
their decison making in conjunction with dynamic belief update. Based on this method ,a anplified multi-agent treffic control sysemis
egablished and the results denondrate its dfectiveness. It is very importart for ITS.
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RVIM
1
(vehv h) M1 M2 M3 (vetv h) M1 M2 M3
<1008 <0.05 <0.05 <0.05 2186 2.58 3.87 6.78
1008 0.1 0.12 0.19 2320 3.56 4.72 8.92
1152 0.15 0.17 0.24 2548 4.03 6.43 11.2
1296 0.26 0.29 0.37 2670 4.85 8.77 16.56
1368 0.34 0.48 0.75 2858 5. 60 10. 27 *
1512 0.47 0.80 1.12 3016 6.48 13.89 *
1656 0.77 1.08 1.95 3120 7.86 15.73 *
1728 0.91 1.67 2.54 3368 9.22 17.23 *
1944 1.23 2.10 3.38 3420 10. 26 * *
2088 1.9 2.45 5.80 3608 11.22 * *
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