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Abdract: This pgper presents a novel adgptive method to predict the next point of target orrline by means of generd wave et
neura network. The scding function and wavelet condructed by the sgmoid function are used as the active function in the network.
The number of hidden unitsis determined by the number of wavelet deconpostion and the dimendon of input sgnd . The local connec-
tion is used in the output layer to degtroy the irfluence of multi-dmendon dgna procesang. It is proved tha the robus property of the
wavelet network is better than that of BP network in certain condtions. Smulation shows that the conputationd cog of this method
dbes ot increase with the conplexity of the nodd of noving target. Moreover ,the method has the higher tracking accuracy for the

noving targets with variable acceeration and quick turn in a corner.
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