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An Unsupervised Clustering-Based Intruson Detection Method
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Abdract: An unsupervised dudering based intruson detection agorithm is discussed. The badc idea of the agorithm is to
produce the clusgter by comparing the digancesd unlabeled training data sts. With the dasdfied data indances ,anomdy data cluders
can be eadly idertified by norma cluger ratio. And then the identified cluger can be used in red data detection. The bendfit of the d-
gorithm is that it needn’ t labeled training data sets. Udng the data setsdf KDD99 ,the experiment result shows that this goproach can
detect unknown intrusons eficiently in the red network connections.
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