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Abdract: Hierarchicd MRF image nodd has causdity property between layers ,and the causdity is cond gent with the charac-

terigics of images. S the processng time of such nodd sis much lessthan that of the plan MRF nodd s. An expectation maximization
(Bv) dgorithm egimating parameters of inconrplete hierarchicd MRF nodel which is a new hierarchicd MRF image nodel we pre-
sented ,is deduced. The advantage of less time cogt possessed by the rorriterative agorithm of hierarchica nmodelsisinherited. Timeis
further reduced due to snplified nodel gructure. The interaction between nelghbor nodes on the top layer is condgdered which resuts
in nore accurate estimate va ueswith less computing cost. The dgorithmis used in unsupervised image segmentetion. The experimenta

results denondrate that it is characterized by high geed and better resuits compared with that of hierarchicd nodels. It is norefit for
large images.
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