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Mutiwavelet Neural Networks and Their Approximation Properties
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Abstract: The ooncept and the nodel of the mutiwavelet neural network are proposed. Its universd and L? gpproximation
properties aswell asits cond gency are proved ,and the convergence rates associated with these properties are gven. Theoretica andy-
s and the experimenta results show that multiwavelet networks can have obvious advantages in gpproximation performance over snr
ple wavelet networks ,and smilar works have not been seen a home and abroad.
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