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Abstract:

the frequent Web access patterns from log ontologies. This method adopts application access-rules to represent the dynamic seman-

In order to discover the useful information from semantic Web usage records, we present an approach for mining

tics rules of user-access and adopts observations to represent the usage facts. With the restriction of DL-safety, it combines log on-
tologies and application user-access rules into a decidable hybrid knowledge base. The transaction mode of access-pattern learning
can be extracted form the semantics of the part-whole relations between events in log ontologies. A frequent Web access-pattern tree
can be generated by an ILP method from the hybrid knowledge base. This method also solves the problem of reasoning the Web ac-

cess — patterns with non-DL atoms. The experimental results show that this method is effective and it is quite feasible to solve practi-

cal problems.
Key words: semantic Web usage mining; frequent Web access pattern; log ontology ; DL-safe rule; inductive logic program-
ming (ILP)
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