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Predicting Query Performance Using Semantic Chart
QIAO Ya-nan, QI Yong
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Abstract: The technologies of predicting query performance try to predict the performances of queries before actual time-

consuming information retrievals, and adjust the original queries based on the predicting results to improve the performances without
modifying the information needs. For avoiding the terms-independence assumption in traditional query performance predicting mod-
els, this paper proposes a query performance predicting model using semantic charts of queries which describe the semantic relations
between query terms. The experimental results show that the precisions of semantic charts weighted query performance predicting

models are higher than traditional models significantly, and the relativities between predicting performances and actual performances

are improved about 46.32% at most.
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< num> Number:522

< title > How is water supplied to the Mojave Desert region?

< desc > Description:

Identify methods being used to provide water to the Mojave Desert region.
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