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Abdtract:  The concepts o high attribute dimendona irformetion sysem and fuzzy logca neuron are firgly proposed ,and a
kind of new snge layer discrete recurrent neura network modd with ninput and n output is desgned. The learning of the weight mar
trix be done by meansd find ngweight matrix of equal matrix ,and elementsof initid sweight metrix cond ¢ of parsefeature dfference
degree ,0 a Yarefeaure dfference degree isgven. It can redize dynamic date and dfective dassfication ,and the dgorithm hasinm
portant use in high attribute dimengond data mining and clugering anayss.
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