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Hierarchical Fast Data Association in the Passive Sensor System

. 1 N2 2
LIU Zong2xiang , XIE Wei2xin", YANG Xuan
(1. School d Electronic Engineering, Xidian University, Xi. an, Shaanxi 710071, China;
2. College d Irfo. and Eng. , Shendhen Uhiversity, Shenzhen, Guangdong 518060, China)

Abstract: The key problem in the passive sensor system is the problem of data association. Multidimensional assignment alg?
rithms have been shown to be very effective for data association, but multidimensional assignment is NP2hard problem and candidate
assignment tree building consumes a lat of time. To solve the problem of fast data association in the passive sensor system, the paper
presents a hierarchical fast association algorthm that reduces candidate association using statigic test and finds the correct association
using hierarchical searching. Simulation results show that the algarithm is effective, and its comrect association rate is higher than that of
the lagrangian relaxation algorithm.
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