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A New Invariant Feature Detector Based on Multi-scale Gabor HRlter Bank

LEI Lin WANG Zhuang ,3J Yi
(Schod o Hectronic Scence and Enginesring , National University o Defense Techndlogy , Changsha, Hunan 410073, China)

Absract:  For interpretation of remote sensing optical images in clutter background ,a local invariant feature detector ,which
combines multi-scale Gabor filter with scale-space theory ,is propased. Owing to the band-pass and multi-channel characteristic of
Gabor filter ,the invariant feature points extracted by our proposed approach are more intuitional and more accordant with vision per-
ceptive model . Hence the invariant features perform more robust under the illumination change and the disturbance of noise and
background. On the other hand ,as the multi-scale Gabor filter banks are designed based on the scale-space theory ,the feature points
are scale invariant ,which leads to the feature detector more adgptable to imaging geometric distortion.
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