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Pareto Multiobjective Genetic Algorithm with Multiple- Chromosomes Crossover
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Abdract: Pareto multiobjective genetic dgorithmisone kind of vector optimization methods derived from concept of Pareto op-
tima ,and the whole Pareto optimal et can be got usng this method. Because conventional Pareto GA runs with two chronpsomes
crosover it consumes much time on Niche which makes the eficency of this dgorithm somewhat low. In this paper ,a new Pareto mul-
tiobjective GA with multiple-chrompoomes crosover i s presented ,and the individud i s expressed with red-va ued representationswhich
makes it much fager than convertiond agorithms. Based on the proof of corregponding schema theorem ,variance and entropy are pro-
posed as measurementsof diversty of populaion in genetic dgorithms. The irfluence thet the Pareto MOGA with mulitiple-chronosomes
crosover acts upon variance and entropy is analyzed. At lag ,one exanple is presented to conmpare between method in this pgper and
traditiond methods © as to prove the superiority of this method.
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