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A Self-Organizing Algorithm for Invariance Extraction
and Recognition of Handwritten Digits

LIN Lie ,CHANG Sheng-jiang
(Optical Irformation Science Laboratory , Nankai University , SEC, Tianjin 300071, China)

Abgract: A sf-organizing learning dgorithm is proposed to perform invariance extraction and recognition of handwritten dig-
its. In order to built adaptively an optima network topology in the learning procedure for a gven recognition problem © as to awid
overtraining ,an adaptive pruning method is proposed. Gonputer Smulation show that the proposed agorithm is efective on extracting
invariance of handwritten digits and optimizing a network topologca architecture.
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