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Abdtract 1 An dficient target recognition method for large scale data is proposed in this pgper which is based on sif-organizing
mgp (SOM) neurd network and support vector machines (S/Ms) . The target data st is divided into clugers by SOM firg. Then the
support vector machines are gpplied to cassfy targets. The new method is used to classfy the complex XOR problem, Iris and Appernr
dicitis data ,and the experimentd results show that the new method can obtain better recognition resultsfor the conplex pattern classfi-
cation of large scde data,and the tranning time is dorter than that by usng the support vector machine method only.
seif-orgnizing mep neura network ; support vector machines;large scae data;pattern clasdfication
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