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A Modfied Differential Evolution Algorithm with Local Enhanced Operator

ZHAO Quang quan ,PENG Xi-yuan ,SJN Ning

(Science Park o Harbin Institute d Techndogy , P. O. Box 3033, Harbin, Heilongjiang 150080, China)
Abdract: The differential evolution agorithm is robust ,easy to use,and requires few control parameters. However , as the
search of the algorithm is of some blindness ,its eficiency is limited. To improve the eficiency of the algorithm ,the loca enhanced
operator is proposed to make some individuals of the population search around the current best individual . Numerica study is carried
out using five benchmark functions,and the result is compared with that of dynamic differential evolution and particle swarm opti-
mization. Analysis and simulation results show that the eficiency of modified differential evolution is significantly improved.
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