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A new K Winners Take All neural network: Higlr Speed Winners T ake All(HS K-WTA) is presented. HS k& WTA

Abstract:
can identify the k laiger elements( or k smaller ones) in a data set. The analysis results about HS k WTA algorithm and its complexiy

are given. The results show that the speed, the hardware realizaton, and the sability of HS Kk WTA are much better than Winstrons,

especially for a lot of atoms of a data set.
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