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Gradient Held Bi-drectiona GDIM for Optical How Estimation
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Abdract: A Gradient Field Bi-Directiona Generalized Dynamic Image Model (GFBD-GDIM) method for optical flow esti-
mation is proposed ,in which the optical equation is established at gradient field of images to weaken optical estimation errors caused
by illumination variations, using two sub-vectors to estimate the wanted motion vector can reduce the model error of motion equa-
tion, GDIM is applied to generalize the method. Fnally ,two groups of experiments show that the presented method is more accurate
and robust.
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