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Abstract

ton It takes differential signalas the nput of the netw otk A ccording to the criteriao f stuctural risk m nin izaton
of SVM, the erorsbetween san ple— data andm odel- data arem nim ized and the upper bound of predicting error
of hem odel is also decreased s ultaneously o tat the ability of generalization of them odel ismuch mproved

The smuhtbn results show that the prediction error of SVM neuralnew otks isQ 0018 whik the predicton error

A sipport vector m achne neural netwv otk is proposed for perform ng VBR vieo traffic predic-

of GRBF neural netw oiks is 0 0029 In predicton precision SVM neumal new otks model extended 40% than
GRBF model
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(NAR: Nonlinear Aubregressive)
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