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A Hybrid Training Method for DHMMs

MAO Xiao-quan ,HU Quang-rui ,TANGBIn
(Dept. d Hedtronic Enginering , Shanghai Jiactong University , Shanghai 200030, China)

Abdtract:  Hidden Markov Modd s are very successul in nodeling the acoudic behavior of oeech. They may be clasdfied into
two groups ,continuous HVMIMs (CHMMs) and discrete HMMs (DHMMS) ,acoording to the output probakility digribution. Traditiond
training methods such as BaumWelch dgorithm are noted for the rapid convergence. However ,these methods are hill-climbing based
adgorithms and they jug lead to locdly optimd slutions,which might deteriorate the recognition rate. For CHVIMs,a ssgmentd k-
means method has been developed to get reliable initid egimate and thus guaranteed the repid and proper convergence. For DHVIMs,
thisdferslittle help and thefind slution is a localy optima ol ution. While one outdanding character of evol utionary conputetion is
dgoba search it can converge to a gobdly optima olution or a leag a sub-optima lution. In this paper evol utionary conputation is
goplied to training DHMMs. A hybrid training method that combines the traditiond method and evol utionary conputation is proposed.
Bxperimentd results sow that the proposed method has both quditiesdf doba search and rapid convergence and the resuiting nodd s
are superior to those obtained with traditiona methods or snple evol utionary conputation and evertudly cortribute to the increase of
recognition rate.
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