%34 Mo T
2012 4F 3 A

E
ACTA ELECTRONICA SINICA Mar. 2012

Vol.40 No.3

— B HE T WordNet A% SCATE SCH IV SRA

BRI, RPN KA

ﬁhl’z,}aﬁj’tl’z

(L EFMIFETFARL A SHARBE, F KA 1300125 2. FMICEAF ST SRR LR W A%, HARKA 130012)

A OE: RESORIE ORI SCRRER 2 A5 RAMIR SCAIZHRAF 5 W H 4572 AR T — e SOAR
T SCHIETT S5 ST-CW . 28T WordNet F1 Brown SCHR TR SCOA i &AL , 7E LR AL B4R T —1>
BHIITIR GRS 5 B AE SRR BRSSO I SCHITYE . 76 R&B & Miller K4l 4 b EAT5050 , SEH 44 SR 45 UE

TR R
ES Ak
FESES:  TPI6 XERERIRAS: A
BT URL: hitp://www. ejournal . org. cn

S SUARTE SCHRRIME 5 WordNet; T SCEE I ik
XERS:
DOI: 10.3969/j.1issn.0372-2112.2012.03.35

0372-2112 (2012)03-0617-04

An Algorithm for Semantic Similarity of Short Text Based on WordNet

ZHAI Yan-dong' , WANG Kang-ping'-?,ZHANG Dong-na' , HUNAG Lan"-?,ZHOU Chun-guang'-*
(1. College of Computer Science and Technology , Jilin University , Changchun , Jilin 130012, China ;

2. Key Laboratory of Symbolic Computation and Knowledge Engineering of Ministry of Education ,
Jilin University , Changchun , Jilin130012, China )

Abstract:

The algorithm for semantic similarity of short text is used widely in document retrieval, information extraction and

text mining. An algorithm for semantic similarity of short text named ST-CW is presented. The algorithm calculates semantic simi-

larity of concept based on WordNet and The Brown Corpus, and then a formula is presented which refers to both concept similarity

and syntactic information in short text. The evaluations are conducted on R&B and Miller dataset.
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