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Abstract:

Aiming at recognition problem caused by variations in lighting, facial expression etc and small sample size prob-

lem which generally exist in face recognition, this paper proposes a novel recognition method, called RB2DLDA, which fuses bidi-

rectional 2DLDA feature by resampling technique. In matrix-based LDA,2DLDA uses inner-class and intra-class covariance infor-

mation in the vertical direction, and E2DLDA uses inner-class and intra-class covariance information in the horizontal direction, this

paper proves in theory that class information in the two directions is complementary to each other to some extent, provides theoreti-

cal foundation for fusing class information in the two directions to design classifier and improves recognition performance of the

classifier. Moreover, proposes an adaptive algorithm of setting feature reduction parameter. Our method is tested on AR and CAS-

PEAL-RI face databases, and the experimental results show that the proposed approach possesses higher recognition accuracy and

robustness than other state-of-the art methods.
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RESDLDA §$=3 93.89 80.11 87
S=4 94.89 79.33 87.11
FisherFaces 60.88 70.80 65.84
2DLDA 92.2 86.32 89.26
E2DLDA 94 .4 85.68 90.04
AR B2DLDA 91.92 84.48 88.2
(2D)2LDA 91.92 82.28 87.1
S=3 95.78 92.65 94.21
RB2DLDA
S=4 95.5 91.92 93.71

5.6 2DLDA #1 E2DLDA g E#M%E

5 H AR W F XS 45 Rl LLE Y, 2DLDA
A E2DLDA A 52 47 76 1) ) 5 B 09 B 4#bh v, B 6 H
RB2DLDA 5335 BB A% 78 70 1 A P 2 B AN BH (2 45 =
T ORI BIERE . 2% 5 TPk AT LI ) RB2DLDA &
T JR B, B 25 v 2 R R B, TG R X
Pl B AME BB SR 2

%5 2DLDA #1 E2DLDA B9 B #M¥ES2I6

B () 2DLDA E2DLDA RB2DLDA
10.06 20.96 5.92
2DLDA 4%
E2DLDA iF#i > )61
2DLDA 1ETf
E2DLDA %1% 16
27 S 4.96 3.31
6 it

2DLDA = 22 F1 A B AR 3 5 5 a] b A5 S
E2DLDA 2R EUG K- J7 1) B i AR5 8, AR S
3 3 B UE I AN 1) M BB — S I — B0k
FUE RN, R O AT 3 S A A T ) L R AR
RN PERE A SC R Y RB2DLDA 24075 8 i & SR AR Rl A
RPN ] B 0 A S, S B0 ik BB B4 ) U
A . GRS R 4 AN BEHE 5 2DLDA Il E2DLDA 35 3 A
Bk fig, BT LAGE 3 %F 2DLDA F1 E2DLDA 8 1k JE 47 2l
IR BN GE R REM B Y.
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