Vol34 Na 2
2006 2 ACTA ELECTRON CA SN ICA Feb. 2006
> 12 g 1 B3 oo 2
IR, XA, MRt
(1. , 100022 2. , 050031)
(GMM ) ,
; , GMM. GMM

2
? s

TP181 : A 0372-2112 (2006) 02-0247-05

Canbining M ultiple Em ail F ilters of Naive Bayes Based on GMM

LIW en-bin" >, LIU Chun=nian, CHEN Y ty g’
(LM uliinedia and Intelligent Software Beijing Key Lab. , Beijing University of Tedino b gy, Beijing 100022 Ch na;

2 School o f Infom a ton En gineer, Shijia huang Un iversity o fE conan ics, Shijiazhuang, H ebei 050031 China)
Abstract An algorittm combining multpk Naive Bayesan (NB) filters based on GMM is presented
w hich has been successfully applied to em ail fillerng T he m ethod uses them ultplk variates statistics analysis to
model the relatbnship bew een he traning data set and their classification by a collection of NB filters Then a
GMM can be learned from the resulting representaton The GMM filters prev busly unseen emails accord ng to the
princple ofm nim izing expected-eror-cost in oder to avod dektng useful em ails Experim ental resulis confim
the valdity of ourmethod and show that our approach is nsensitive to ratio o f feature subset sekcton
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PUT L ng-span
NB, KNN, Rocchi, Vote
1 PU1 EC
NB Rocchio Vot KNN
Q0 20% Q0 157643(0. 187898| 0. 109873 2 29294| 0 030255
Q0 50% Q 124204 0. 133758] 0. 078025| 2 29294| 0 035032
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10% 0 074841(0. 367834 0. 08121 | O 205414( O 041401
2 Ling span EC
NB KNN Rocchio Vote
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