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OnrLine Recognition of Actionsin Daily Living

CAO Yuarryuan® ,HUANG Fei-yue® , TAO Linrmi* ;XU Quangyou®
(1. Key Laboratory o Pervasive Computing o Ministry d Education , Department o Computer
Sdience and Techndogy , Tsinghua University , Beijing 100084 ;2. Tencent Research , Beijing 100080)

Abstract: Recognition of actions in daily living is chalenging because: (1) actions are continuous; (2) human location is
changeful ; (3) human body is partially occluded sometimes. This paper proposes a multi-view framework for onrline recognition of
actions in daily living. Action representation based ori Envel ope shape” enables view-invariant action recognition. A sliding window
concatenates the feature vectors for action representation into a stream as the input to a bank of HMMs. A maximum likelihood
based classifier detects action. The HMMs are chasen by an ontology based environment knowledge model . Besides , occlusion detec-
tion and action representation in occlusion are aso discussed. |mplementations demonstrate the efficacy of our goproach.
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