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Local Online Time Series Prediction Based on the
Residual Compensation with Online SVR

LIU Dir tong, PENG Yu, PENG Xt yuan
(Automatic Test and Control Institute, Harbin Institute f Technology, Harbin, Heilong iang 150080, China)

Abstract:  For complicated nonlinear and nonstationary time series prediction, the precision will be decreased if a fager pro-
cessing speed isreached in onlhe SVR. A new time sries prediction method is proposed. Local SVR is firstly adopted to make pre-
diction of the time series. Then the forecast residual with the real data sream is calculated. Finally, the residual is estimated with orr
line SVR algorithm to compensate the predicted value with the local SVR. Experimental results showed that the proposed method
outperformed the Online SVR.
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