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The High-Resolution SAR Image Terrain Classfication Algorithm Based on
Mixed Double Hint Layers RBFN Modd

SN Zhenzhen' ,FU Kun? WU Yi-rong?
(1. Bdjing Ingtitute d System Engineering, Beijing 100101, China;
2. Ingtitute  Bectronics, Chinese Academy o Scencss, Bejing 100080, China)

Abgtract:  The ressarch on the highrresol ution synthetic gperture radar (SAR) image automatic terrain dasdfication (ATC) is
made. Frdly the sortage of the traditiond feed-forward neurd network nodd in SAR image classfication is concluded. Then a new
nmodel named mixed double hint layers RBAN (MDHRBRN) is presented which combines radid bas sfunction network (RBAN) with
mixed expert sysem. Fndly ,an dgorithm based on this node for the highrrelution ,snge-look and snge-polarization SAR images
terrain classfication is gven and eva uated. The resuits show that this dgorithm can readily duder the SAR image into marr made tar-
gets,naturd target ,background and shadow ,and has better performance than the one based on RBRN nmode . It can not only be gpplied
to SAR image assdant interpretation ,but a9 dfer the potentia target chipsfor target recognition process.
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