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Rough Neural Network Using Tabu Search Algorhthm

MEI Xiao-dan, SUN Sheng he
( Dept. of Automatic Test and Control, Harbin Institute f Technology , Harbin, Heilongiang 150001, China )

Abstract:  Rough neural network can be used to process not only definite input but also semantic input which conventional newr

ral network can not process. This paper proposes a new training method based on tabu search algorithm. Experimental resuls illustrate

that the new training algorihm improves in convergence speed and network performance.
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