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Abstract:

tion values to the intelligent transportation management, national defense and security. The research status at home and abroad and

Ground vehicles are the important civil and military targets. The research on vehicle recognition has great applica-

the application background of vehicle recognition were summarized firstly, then the existent detection means, signature extraction and
recognition techniques were listed and summarized. The development prospect of vehicle recognition was also analyzed, which may

offer some constructive reference to the research on ground vehicle classification and recognition.
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