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Abstract:  Polygonal approximation of digital curve is an important curve representation method. The main problems existing
in genetic algorithm based methods are the difficulty of coping w ith the infeasible solutions and the poor local search ability. In this
paper, we propose a hybrid genetic algorithm combined with split and merge technique ( SMGA) for polygonal approximation. Its
main idea is that two classical methods —split and merge techniques are used to epair the infeasible solutions. In this method, an i~
feasible solution can not only be repaired rapidly, but also be pushed to a local optimal location in the solution space. Another advan-
tage of SMGA isthat it can wlve two types of polygonal approximation problems. The experimental results demonstrate that SMGA
is robust and outperforms the other genetic algorithm based methods.
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