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Abstract: Concentrating on the data sparsity problem and the new user cold-start problem faced by traditional collab-
orative filtering algorithm in mobile recommender system,an approach named CSMSR ( Context-similarity and Social-net-
work based Mobile Service Recommendation) is proposed. The approach integrates mobile users’ context information and
social network information into collaborative filtering recommendation process. Firstly, it imports the user-based context sim-
ilarities into the personalized service recommendation process. Secondly, it searches the corresponding nearest neighbors for
each mobile user according to the given mobile users’ ratings and the mining social network. Finally, it predicts unknown
mobile users’ preferences and generates recommendations. The experimental results show that CSMSR outperforms the ex-
isting service recommendation methods, such as TNCF,SRMTC and CF-DNC in terms of MAE ( Mean Absolute Error) and
P@ N, and it performs well in finding out the interested services of users and enhancing the user experience.
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