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A Fuzzy Clustering Algorithm with Generalized
Entropy Based on Neural Network

LI Kai, CAO Zhe
(School of Computer Science and Technology ,Hebei University , Baoding , Hebei 071000, China )

Abstract: Based on fuzzy clustering,an unified form is presented for fuzzy clustering algorithm based on fuzzy entro-
py by introducing the generalized fuzzy entropy into objective function of fuzzy clustering, namely generalized entropy’ s
fuzzy clustering model. Optimization problem for generalized entropy’ s objective function is solved using Hopfield neural
network and multiple synapses based on augmented Lagrange method. After that,the generalized entropy’s fuzzy clustering
algorithm based on neural network is presented. And convergence of neural network is shown. At the same time, iterative
method is given to determine Lagrange multipliers. In experiments,a synthetic data set and some standard UCI data sets are
chosen to conduct some experimental studies. And clustering performance is compared with commonly used clustering algo-
rithms.
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