%41 Mo T
2012 4F 4 A

¥R Vol.40 No.4

ACTA ELECTRONICA SINICA Apr. 2012

— Tl R %) i Ry S0 A Y BRRA PR 47 40 R A2 9 O ik

F ALEEA
(1. KB T S TR DRPT P52 710064:2. W /RHE Toll K HR LR S HOR 22 % U IIA AR 150001)

M OE: RARPREEEZEIIRNEENEZ —, HITC 24 I 7R AR R BE 2005 5T 3
(L BT R O T B — R, B — PR TR sl 10 77k BUAT A3 37 S0 20 i 64 B RD DR -5 K 42 D i o
JITA REA N AR HEA T [RIAE 5 B2 A9 80 AELAS ] R AS AR i P ] BE T BERA PR A AN [ B BER T L  Hcs 2 4 ) o 2
P PTREAN ], DR dmc ol A AT THEA TR [ PR E 4 3 . AR SO 56 25 S (8 43 Ak 6 B3 e 3l 0 A 7 etk iz vl
PAXEAN ] A @ M A T AN TR R BE A 3l R TR At 4R T — B BelE B AL PR35 0 2R Uy vk SR, 5
JEUA 5L T4 S (70 Ak B4 7 A EE, ZE DR UE RSO T I R RIS T, A 3057 AT UK B RL i 42 (s A g g

KR BRAAREE BRIz, A RES 7
hESES:  TP309 XERFRIREG: A XEHS: 03722112 (2012)04-0739-06

L F33 URL: hitp://www. ejournal . org. cn DOI: 10.3969/j.1issn.0372-2112.2012.04.019

An Improved Privacy-Preserving Classification Mining Method
Based on Singular Value Decomposition

LI Guang', WANG Ya-dong’®

(1. School of Electronic and Control Engineering , Chang'an University , Xi'an , Shaanxi 710064, China ;
2. School of Computer Science and Technology , Harbin Institute of Technology , Harbin , Heilongjiang 150001, China )

Abstract:
have been proposed. One such method based on data perturbation is SVD ( singular value decomposition)-based method, which

Privacy protection is indispensable in data mining, and many PPDM ( privacy-preserving data mining) methods

treats all samples and attributes equally . However, different samples and attributes may have different requirements for privacy pro-
tection, and may be not equally important for data mining. So, it is better to treat them differently . This paper proposed an improved
SVD-based perturbation method, which can perturb different samples and attributes to different degrees. In addition, this paper pro-
posed an improved privacy-preserving classification mining method using this improved SVD-based perturbation algorithm. The ex-

periments showed that while maintaining data utility, the proposed privacy-preserving classification mining method can protect priva-

cy better than the original SVD-based method.
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