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Abstract:

quation. Solving the differential equation, we get a non-recurrence location update formula, and the UPSO’s convergence region for

The uniform search particle swarm optimization (UPSO) algorithm formula was tsansformed into a differential e-

learning coefficient ¢ and inertia coefficient w were concluded by deducing the solution convergence conditions. Finally simulation
experiments were provided on the selected location of the region of convergency by 6 Benchmark functions. Experimental results

show that UPSO converges when the learning coefficient and inertial coefficient are in the convergence region and diverge outside

convergence region.
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