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Abstract:

soft set and inclusion degree theory from transactional datasets. We first give the notions of inclusion degree, association rule and

This paper aims to present an approach for mining regular association rules and maximal association rules using

maximum association rules between attribute sets of soft set. Then we discuss the relationship between inclusion degree and confi-

dence. Furthermore, we give an algorithm of soft maximal association rules mining using inclusion degree of soft set. The experi-

ments show the algorithm improves greatly the performance of maximal association rules mining.
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Canada , Iran , USA , crude , ship
Canada , Iran , USA , crude , ship
USA, earn

USA , jobs , cpi
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USA , earn., cpi

Canada , sugar , tea
Canada , USA , trade , acq
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