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Abstract:

lems, in which the research of encoding based on data especially attracts attentions. In this paper, we proposed a method for learning

It is known that error-correcting output codes (ECOC) is a common way to model multiclass classification prob-

error-correcting output codes with the help of a single layered perception neural network. To achieve this goal, the code elements of
ECOC are mapped to the weights of network for the given decoding strategy, and an object function with the constrained weights
used as a cost function of network. After the training, we can obtain a coding matrix including lots of subgroups of class. Experimen-

tal results on artificial data and UCI with logistic linear classifier (LOGLC) as the binary learner show that our scheme provides bet-

ter performance of classification with shorter length of coding matrix than other state-of-the-art encoding strategies.
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4.3.2 UCI#EE

FEAR S Hp DU AS [7] A A5 SR s LA S 7 o AN ] 5 43
K T A ST PECOC Ztis 7 2 5 B SC A ik
NP MG AT 7V AR S BUX B S 2 e, FRATT A
1377 800 YR+ A2 IR UEM, A T38| A G5 X
FRISZIR 256, T AT FH Bk 0K 56 325 o 52 36 4% SR R 4740
Br, Hh B R

RJ»:% >

ri BRI SRS ¢ 28 R LA 7 AR
TS WS T AR B RN, J A RN 5 1 B b AT A 2 3 IR
BOAEARWR LT O 4 PRI SR EE x 10 Fl UCT 24 .
T2 4 R A5 T 1 X g A A AT XA, G R S 4y Ry
T 45 A SR W T A R 389 S/ DML R XS I 43 S 1R R A
UNIE T E Y

F4 SHEBERRIFHLLE

(18)

Coding 1 vsall| 1vs 1 | dense | sparse | DECOC|SECOC|PECOC
HD 4.60 | 4.00 | 3.10 | 4.80 | 4.80 | 3.30 | 3.40
AED 6.20 | 3.70 | 3.20 | 4.40 | 2.90 | 4.90 | 2.70
LLB 5.40 | 4.20 | 3.60 | 4.20 | 3.70 | 3.50 | 3.00
ELB 5.40 | 490 | 3.90 | 4.20 | 3.80 | 3.50 | 2.00

Global Rank | 5.40 | 4.20 | 3.45 | 4.40 | 3.80 | 3.80 | 2.78

M 4 AT LUE A SO 4 PECOC R AP 2 0%
/NF 2,78, dense YRZ,1 vs all Fx K. B T IFX-EFIA

IFi 2 ML 25 B 5 70 S AOR AT G it TR S L i 3 22
B, FATHFIAT Nemenyi K46 75 75— BRI PI AN J7 1 BAT 2%
P22 S 21 G YD 5 0 B0 BR 0 SF- 2 22 KT Il SE CD

(Critical Difference value)[g:

CD:qw/k(%}l)

Hp q, Al Ay 1) “The Studentized Range Statistic” #£ 15
B,k Fr SR ) TR, T R SRR R TEA
LEPRATIE T 7 M AT EE KR «=0.05 F
BRI 4 Fi7R B0 k=7, g5 = 1.860, 8 A
(19) [ 75 22 Sl FLE D 1.218. WA 4 W] 1 PECOC 1y
TRV P45 LU A G o A M T B0 B /N HL 25 (B AR R
TSI FHE, I AT AT LLUE PECOC 1E 95% 18 {5

(19)

X IR L i e
5 %

A A I A 2 A R 2 R P A e
iR 22 25 43 A o) B ) F 58 3 2 — . R 2 0 28 0 1)
GRREASE B BT B 0] RIS O G A R A ) e e 2
LA D 36 2 25 N B & R T RE 2 1 7 2881 4
ARSI PECOC BB RL A 5230 % H br ot B8 e 242 i 4
LB 2RCR L AN, T B FE PECOC HESL Hp 3L
YRR > 5 R 2 R 4% 1 2 ) S 4 AT I, B
T4 8 3 T 50 ) 2 P B R AT O R 2 R 3 4 25 A
2 ME R RS S K88 1Y 24 2 &5 i

FHEM Bt i ) A DR 22 288 0 288 TR ) B 2 03 JEA8CR
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