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Abstract:

cause of its distributed character, heterogeneity, autonomy etc, it is faced with huge challenges for users to obtain the information ef-

Nowadays, Deep web consists of vast amounts of high quality information which is rising rapidly. However, be-

ficiently and quickly which they are interested in. Deep Web data sources are organized by the domains in the real world, which is
the foundation for addressing this challenge . In this paper, based on the statistics and analysis on more than 200 data sources which
are from four different fields(i.e. , Airfares, Books, Automobiles and Real estates, a novel classification method and an improved
similarity measure of query interfaces were proposed to realize the automatic classification of large masses of deep web sources,
which make full use of theme information and form attributes. In addition, we present a strategy of tagging query interface to reduce

the influence resulted from choosing initial centers randomly . The experimental results indicated that the method is effective and has

higher accuracy.
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F1 SFEEIEHOANEREOZITER

domain | N1 [ N2 | P%

Airfares | 56 | 54 | 96.46 | airline, flight , ticket, air , airfare, travel

Books 50 | 38 | 76.00 | book, bookshop , textbook , bookstore , online

car, sale, auto, motor, dealer, price , motor,

domain theme terms

Automobiles| 53 | 48 |90.57

online, vehicle

real estate, home , property, sale , listing,
Real Estate | 51 | 51 | 100
house, property,

<IDOCTYPE htmI>

<htm]>

<head>
<title>Find Low Airfares § Desls on All
Airplane Tickets - Alaska Airlines</tile>

<meta name="keywords" content="alaska airlines, airplane tickets,
cheap airfare,hawaii vacations,sheap airfares,discount airfare,alaskan
airlines,alaskaair,alaskaair com,alaskaairline,alaskaairline,alaska
airlines goldstreak,alaska airlines arrivals,alaska airlines boarding pass,
alaska airlines cargo,alaska airlines carry on,alaska horizonairlines,
alaska airlines mileage partners"/>
<meta name="description"content="Alaska Arilines offers low
airfare on all airplane tickets,including discount airfare on hawaii vacations
and mexico vacation packages,Book your Alaska Air travel today,"/>
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domain < domain theme term, ¢ >

< airline, 1.0000 > , < flight,0.9175 > < ticket, 0. 8126 > ,
Airfare

< airfare,0.6404 > , < travel,0.6109 >

< book,1.0000 > , < online,0.6792 > , < bookshop,0.6356 > ,
Books

< textbook ,0.6288 > , < hookstore,0.4528 >

< car, 1. 0000 >, < sale, 0.7105 >, < auto, 0. 5882 >,
Automobiles < dealer,0.5069 > , < price, ,0.4280 > , < motor,0.3748 > , <

online,0.3733 >, < vehicle,0.3671 >

< real estate,1.0000 > , < home,0.8692 >, < sale,0.8204 >,

Real Estate
< listing,0.7083 > , < property,0.6780> , < house,0.5089 >
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O BUS AT REARIC Y K AN RS0 Y A i 432 11, 3X R
IR K-Means SRS HBIHOF] A X 26 € AR ic 19 A5 f) 4% 1
TESFHILG O SR R HOd R AR A5 12 Labellnter-
face T 7 .
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Tset(line 1) ; S8 J5 X T L 3L H B> Tset, AL 1% Tset
A T 42 1 rp BE AL 8 45— > 2 i) 4 1 JF AR 12 B (line
3); HEALC PR L3 LA B AR 10 #2 1 4R Labeledn-
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/U K T BRI A4 TR, DTTD Sy 4538 3= 80 AiE
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1: TsetS = SelectRepresentativeTerms(DTTD, K)

2:repeat

3:for each Tset which belong to TsetS, select a interface I to
label it randomly from interfaces whose domain theme terms
contain all terms of Tset

4 LabeledInterfaces = AssignInterface(1)

5 :until number of LabeledInterfaces is K

6:return LabeledInterfaces
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1: Centroids = LabelInterfaces( Interfacesyy, K, DTTD)
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: repeat
: Clusters = AssignClosestCentroid( Interfacesy , Centroids)
: Centroids = UpdateCentroid( Clusters)

:untril Centroids don’t change

AN N AW

:return Clusters

P UEE K-Means JRASREME AN < 1 Je R FH A A

FObRcBIEPRIC IR I K N0 JHE A IE N9

AH0 E (step 1) 35858 InterfacesH 38 43 A bR iC 4% 1

PRI TE IR 5 0 s B 7L (step 3) , 45245
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fb. Horp g @ Hn SR AU
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AL e D) 2 % T A 3B B tp OIS S N TR T Inter-
facesp M AT 1 42 11 E AT PR IR 0 28, DA A AR B 44325,
HA AR SRR UNF Y PostClassification T 7R .
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REW THO 8 (step 1) 4BF X 1 A4 0ORIU
TR Rz A R O R R N A IR AR A
K (2) K E FHIGEZ A I AHALPE (step 3) , WHER %
Az 14U 32 R A TR 4 S 5, R R s A 2K (3)
AT SR Z [ AR UM (step 4) 5 2R 5 i 4
T T8 IR 45 B3 I R (step 5) 5 2 5 W 75 2647 o8
(step 6) ; 2 EHEITEL K I 1(step 7), HF K EN 0.

sim(],,,[k) (6)

5 ZWRSH

PSR AT O, AR SO A T B AR
ZEN D b PO A R R SR T 210 S ERE R  ax Se R
PR320 BT UIUC FRUE N A 38 i Web e i
AW I T(FHERHERES )M FRBE LS
AR 23 BRI T2 B K-Means 28, T 558 F
S 2s EHE U 05 o0 28, AS [R] S8 B8040 VR 8 o A
Wz 3 fis.

*3 RENGHEE

Airfares  Books  Automobiles Real Estate  Total

T =@

HFl - 54 34 45 48 181
r=9o
& F=d 2 16 8 3 29

&£ 3  PostClassification( InitClusters, 1)
/ “ i A : TnitClusters “A 22 Wi K-Means 28254 il B #1465
W, 1 R IR 40U 3 R 37 Oy 25 Bl PR 4y 25 Y £
WO ES
i« InitClusters ™ /
1: K = getNumber( /)
/" compute number of interface set [ * /
2:repeat
3:if F=0,
Compute sim ( I, InitClusters ) by using formula(2)
4:if T=0,
Compute sim ( I, InitClusters )by using fomula(3)
: Assign interface [; to closest cluster
: InitClusters = Update( InitClusters)
. K-
cuntil K=0

:return InitClusters
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B With Label Interface
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