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Abstract:

proposed based on the algorithm in which facial motion is tracked and facial expression is recognized simultaneously . Firstly, online

In view of facial expression recognition from monocular video with dynamic background, a real-time system was

appearance model and cylinder head model were combined to track 3D facial motion from video in framework of particle filtering;
secondly, the static knowledge of facial expression was extracted through facial expression anatomy ; thirdly, the dynamic knowledge
of facial expression was extracted through manifold learning; fourthly, facial expression was retrieved by fusing the static knowledge

and dynamic knowledge during facial motion tracking process. The experiments results confirmed the advantage on facial expression

recognition even in the presence of significant head pose and facial expression variations of this system.
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