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Abstract:
image coding. Based on human visual system and perceptive segmentation, a neural network with pulse-coupled and gradient-sharp-

A novel image region segmentation method is proposed to improve the efficiency and characteristic for segmented

ened is introduced firstly . Then, a fitting function is used to smooth the neighboring similar stimulus and sharpen the non-continuous.
In this way, neurons could find the accurate location of uniform regions and objective boundaries. At last, experimental results show
the efficiency of the algorithm. The homogenous regions can be segmented from its background effectively and accurately . In addi-
tion, the segmented regions are corresponding to objects in scene. There are high-quality constructed image if this segmentation algo-
rithm is adopted by segmented image coding.
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