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Abstract :

proposed in this paper. It analyzes and explains this way could quickly and accurately to describe local structure features based on

In order search a more robustness and convenient count method which shows a new feature descriptor algorithm is

inherit a higher quality of SIFT and MSE. In addition, it makes use of a changed locally linear embedding approach to process data
so that it could reduce dimension. Experiment has drawn the conclusion that not only it could obtain more and betters the proposed

descriptor but also the count speed could faster than SIFT for the image with zoom, rotation, blurring and illumination varying. This

algorithm is suitable for searching the images which has structured features, when it exits multiple of varying.
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