2015 4 8 A

ER | R Vol.43 No.8
ACTA ELECTRONICA SINICA Aug. 2015

BT 6B L 19 FH P R A e i S e KO B

12, & A
(1. HHICEHERE SHOR B, EAMKRE 130012:2. HHICEMF SR SRR TREF A E L5203, 5 KA 130012)

A OE: P A AR RO DU IR A A EL TP QR A N, e Bk
T D R B B TR 2 A A TR AR R T T Y s . DR R 2 I 2% A5 LS, AN BB AU FH S A, 0 20 T L A
R USRI I % 5%, TR R AT O ZR G BRI o Jot e )£ 5L, AR SR o A 0 23 A7 P 7 R 20 A il 26 DA B R 4
Z AR M EARES A IE R D% Z50% . T4 P BUR T ZBC B, I AT S B 5 B A BRI . DA S X
R0 L AL A e 1, T LA 5 0 P P o R A 0 g S 1 19 4 U e 5% S 9 T W S0 ) I A P A
A, I FLASEARG ARy S 23 P A6l T Ak FOAE P 1 A S

KEW: BEREI; DEHT; MERERE, BN SHr
hESERS:  TP391 XERFRIREG: A XEHS: 0372-2112 (2015)08-1561-07

L F33 URL: hitp://www. ejournal . org. cn DOI: 10.3969/j.1issn.0372-2112.2015.08.014

Analysis of User Interest Distribution and Expert Finding
Based on Interest Graphs

GUO Lin"?,ZU0 Wan-li'+?
(1. College of Computer Science and Technology of Jilin University , Changchun , Jilin 130012
2. Symbol Computation and Knowledge Engineer of Ministry of Education of Jilin University , Changchun , Jilin 130012)

Abstract:
data is not rigorous and uncontrollable, which leads to enormous data of low quality with serious noise. On managing complex net-

Although users can self-generate personalized data for describing preferences more comprehensively, user-created

work, more attentions should be placed on high quality information that has been or will be produced by experts who have knowl-
edge in specific fields in order to avoid being restricted to written knowledge . This paper finds experts by constructing and analyzing
interest profiles of users and proposes a screening method for detecting abnormal pseudo-experts. Due to the small number of author-
itative experts in networks, which provide a limited amount of information, experts defined in this paper not only include authorita-

tive experts, but also ordinary users that have a lot of knowledge in a certain field. Experiments illustrate the correctness and effec-

tiveness of the algorithm, and the low complexity renders it suitable in handling massive user node information.
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