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Codebook-Based Speaker Adaptation
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Abdtract:  In this paper ,a new Peaker adgptation method —eodebook- based gpeaker adeptation which could combine the ad-
vantages o trandorm method with Bayes adaptive |earning method gppropriately ,is presented. Not only can the geaker adaptation sys
teminprove its performance for smdl anount of adaptation data ,but it can d goproach asymptoticaly metched condition perfor-
mance with increagng number of adaptation data. The adaptation process can be divided into two dages. In thefird dage for goproxi-
mating the acoudic parameters of a target peaker ,the linear combination of lotsof reference peaker’ s codelooks is proposed. An -
fective agorithm based on Rosen gradient projection method is developed to count the weight of each codebook in the linear combinar
tion. In the second gage ,the combination of codebooks is used as the prior probahility ,then Bayes adeptive learning method is used to
learn the exact vdue o the target Peaker’ s codebook as nore adgptation data are gathered. Thusincremental gpeaker adaptation can
be achieved. As an illugration ,this method is gpplied to a geaker indegpendent continuous Peech recognition sygem for the Chinese
language. A series of conparative experiments were conducted to eva uate the performance of the proposed method. The resuits have
down it is quite promigng.
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