12A Vol.29  No. 12A
2001 12 ACTA ELECTRONICA SINICA Dec. 2001

E & BER O, KRBT
( , 710071)

? ’ ? ’

TN957 : A : 0372 2112 ( 2001) 12A-1878 08

An Immune Evolutionary Wavelet Neural Network and Its Learning Algorithm
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Abstract:  The classifiable function of the wavelet neural network (WNN) is studied in thi paper, and an ntegration of the inr
mune evolutionary algorithm and WNN is proposed, based on the model of the immune evolutionaty wavelet neural netwoik ( IEWNN).
In this model, the immune evolutionary alorithm( [EA) used for training the network is a globally pamallel algorithm which integrates
the immune and the evolutionary mechanisms.The IEA is conducive to alleviating the undulating phenomenon produced by the blind
fold behaviors of the original operators in the existent evolutionary algorithms through adaptively learning form the evolutionary envirorr
ment. The analysis in theory and simulations show that WNN based on IEA is not only feasible but also effective. Because IEA has the
parallel operation rules, the intelligent searching behavior and the criterion based on probability, it is conducive to relaxing the condr
tions of applying WNN and improving the ability of association memory and information processing.
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